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Routinely-collected Health Data(RCD)

ﬁ Eﬁ%ﬁb\bzﬁﬁ*nﬁﬁmrﬁ %4

B LETNPEFNILTRE BEER CEALINTNST —5%IET

B HYDEBECEALINIZT —IDRIRUZHER ZRFIRE U TR PEERIERS CICIGH

B RwirEE ENEQEH SNEIRBICDOWVWT, BREN#ZRE

B SkE. SEREMHF EREITO CENRENICEUVVWNTAREICDWTE BEERICEILZEYT 12
J CTERNN ADEECEREIC DLW TOMRETD Cé:b\'(*%p

B RIRFROWRERDEBR2ANBEATHEENS KEEUVTOZEAEZEHDIEERDITE5NSD

P TR ARt

12



FRENDERRET —%

0 0o

Sverr BEEorc [(B)ERER Mrmmmst 3@ O zoft

AT
B ER (A9 m ZHHE B EBEFHILT B AOFEEREE mERELSAKY mOT77ST
m DPC A B LI 7 Gay A I = e B ERIKR—hK LTI X
m R A=A B ihigEES X = BERAR m )\ A/IN>D mERIT
m A I B JRfREIRES m (EEREHER
B EREZE B EEESEE m ERERERA
m 3EPREE
B [EEHERRE m EREEE
IRIRE R B SZHETEERE
B (ERERRET
B HEEUERERE
m MEY-—EX - B
A&
B A REBEZETAR
AE
B EERLEFEEREER



B
2
ITA

i

RCTEUFPIVT—=ILET—FDEL)

RCT

A/ BRONEZE
(RWD&LEUIR#E1L)

S8 LEIT

FRICRESNTERE-BE

ERIICHRE
(FHi%-91227)

Routinely collected
Health Data

L
S UPAD—R

NEDZNWI7ILT—)L RFT—HZERITDIHE | /A PRI DU HE,

14



I
B RCTI-53REEDX—Y

s

(s (f): YR

- Hight risk patient(&in, 45!, U X JKF) 1

Bl J
A TSA T RABF .

: J




]
B RCcToRA INEREAER ST BUTILT—ILROMEAIE ?
SREBHRDIRVICESTINBAIEEED H D EMZENRFE-

43,8954 DRCTHSRBDEBEICHFA TN T\ S FiIwE B, GRISTERAERERCTDRRMAEIG & AOLLDHE, RCTHSAKE <A TNT
WBBETUTIVT—ILRTIEZ L BREGH CRERE WY SERNAEIGEAOFRENRTEL,

T4

Il <18 years old

100

757
g
S

= 504
2
o
[+

254

0+ I T T T

& &8 S
(_;S‘ bd“b\\éi(é’ Q?S‘o b@o
< -@""‘6\6‘ & 3
N é‘ =2
& & &F
koé_

R

/At

Tan, Yen Yi et al. The Lancet Healthy Longevity, Volume 3, Issue 10, e674 - e689

[J>60yearsold [ >/0yearsold [>80yearsold

Clinical speciality
Neurology

Stroke medicine
Psychiatry
Hepatology
Cardiology
Otorhinolaryngology
General surgery
Obstetrics
Endocrinology
Respiratory
Nephrology
Gastroenterology
Paediatrics
Ophthalmology
Vascular surgery
Angiology
Haematology oncology
Neurosurgery
Urology
Gynaecology
Rheumatology
Dermatology
Immunology
Orthopaedics
General practice
Haematology
Infectious disease
Oncology

Exclusion rate (%)
EE50-100 [320-29.9
E930-499 BEH<20

281
266
25-6

223
221

B
Clinical speciality

Neurology
Stroke medicine
Psychiatry
Hepatology
Cardiology
Otorhinolaryngology
General surgery
Obstetrics
Endocrinology
Respiratory
Nephrology
Gastroenterology
Paediatrics

Ophthalmology
Vascular surgery 38
Angiology o
Haematology oncology 23
Neurosurgery
Urology
Gynaecology
Rheumatology
Dermatology
Immunology
Orthopaedics
General practice 43
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Infectious disease 23

Prevalence (%)

=10 1-49
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Oncology
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—
B Brainomix 360 Stroke DR

izZEARCTEIR Z AT COTU. BRREYICHREEA & DR E DB EZ BERIICHR L
QABIRZ M DERAIEDFIR S5 FE (BRMNIZERF = 2024 DFER)

Bramomlx 360

— S trok

m GFAEHARESE, 26/E%. 83,000A
B BRI EZE T S BEEN50%

Largest % 50% INCREASE il
Real-World pddtionalyinheturber oty MR- R PIN(DIDO) BRI E 494
Evaluation (27%)¥akE

Of strOke AI e« ® 83 000
Imaging E Strok'e Patients Over 3 Years
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Fig. 1: Validation methods for FDA-authorized Al devices by specialty.
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Chouffani El Fassi, S., et al. Not all AI health tools with regulatory authorization are clinically validated. Nat Med .2024. 39
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The number of FDA authorizations for Al devices on the basis of prospective or retrospective clinical

validation, together with the number of authorizations without clinical validation data, from 1995 to
2022.

Chouffani El Fassi, S., et al. Not all AI health tools with regulatory authorization are clinically validated. Nat Med .2024.
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